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#-- Required Packages
library(splines)
library(tidymodels)
library(tidyverse)

1 Raw input data
The raw input data is often in the form of a data frame (or tibble). For example,
#-- Raw Input Data
# cat is categorical with 3 levels: A,B,C
# num is numerical
# y is numerical response variable

Z = tibble(cat=c('A','A','B','B','C','C'), num=1:6, y=rnorm(6))
Z
#> # A tibble: 6 x 3
#> cat num y
#> <chr> <int> <dbl>
#> 1 A 1 -0.718
#> 2 A 2 1.64
#> 3 B 3 0.176
#> 4 B 4 1.20
#> 5 C 5 -1.14
#> 6 C 6 -0.836

has three columns, cat is categorical data, num which is numerical data, and y which is the outcome
variable.

2 Formula in models
The formula interface in R allows you to make transformations of the input data frame automatically. For
example, categorical (or factor) columns will generate the appropriate dummy variables.
lm(y~cat, data=Z)$coef
#> (Intercept) catB catC
#> 0.4601 0.2304 -1.4494
lm(y~cat - 1, data=Z)$coef # remove intercept
#> catA catB catC
#> 0.4601 0.6905 -0.9893

The default behavior is to convert categorical data to a factor and drop the first level.

The formula interface is easy to use:
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#- numerical data only
lm(y~num, data=Z)$coef
#> (Intercept) num
#> 0.8442 -0.2258

#- transformations
lm(y~log(num), data=Z)$coef
#> (Intercept) log(num)
#> 0.3992 -0.3150

#- use I() to make custom functions
lm(y~I(3*num), data=Z)$coef
#> (Intercept) I(3 * num)
#> 0.84424 -0.07528

#- we have already seen poly()
lm(y~poly(num, degree = 3), data=Z)$coef
#> (Intercept) poly(num, degree = 3)1 poly(num, degree = 3)2
#> 0.05377 -0.94480 -1.50423
#> poly(num, degree = 3)3
#> 1.10002

#- how about B-splines
library(splines)
lm(y~bs(num), data=Z)$coef
#> (Intercept) bs(num)1 bs(num)2 bs(num)3
#> -0.6122 4.7954 -1.0016 -0.3093

#- two predictors
lm(y~cat + num, data=Z)$coef
#> (Intercept) catB catC num
#> -1.385 -2.230 -6.370 1.230
lm(y~cat + num - 1, data=Z)$coef
#> catA catB catC num
#> -1.385 -3.615 -7.755 1.230

#- a:b stands for interactions
lm(y~cat + num + cat:num, data=Z)$coef
#> (Intercept) catB catC num catB:num catC:num
#> -3.0728 0.1645 0.3961 2.3553 -1.3270 -2.0485

#- use . to represent everything in data
lm(y~., data=Z)$coef
#> (Intercept) catB catC num
#> -1.385 -2.230 -6.370 1.230
lm(y~. - num, data=Z)$coef # use . to include all, then remove some
#> (Intercept) catB catC
#> 0.4601 0.2304 -1.4494

2.1 model.matrix()

Behind the scenes, lm() is calling the function model.matrix() to construct the model matrix (also
known as a design matrix). The model matrix is the real valued X matrix used for calculating the coefficients.
You have to pass a formula object into model.matrix().
fmla = formula(y~num+cat)
model.matrix(fmla, data=Z)
#> (Intercept) num catB catC
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#> 1 1 1 0 0
#> 2 1 2 0 0
#> 3 1 3 1 0
#> 4 1 4 1 0
#> 5 1 5 0 1
#> 6 1 6 0 1
#> attr(,"assign")
#> [1] 0 1 2 2
#> attr(,"contrasts")
#> attr(,"contrasts")$cat
#> [1] "contr.treatment"

fmla = formula(y~num+cat-1) # remove intercept
model.matrix(fmla, data=Z)
#> num catA catB catC
#> 1 1 1 0 0
#> 2 2 1 0 0
#> 3 3 0 1 0
#> 4 4 0 1 0
#> 5 5 0 0 1
#> 6 6 0 0 1
#> attr(,"assign")
#> [1] 1 2 2 2
#> attr(,"contrasts")
#> attr(,"contrasts")$cat
#> [1] "contr.treatment"

Or, if you are good with data manipulation construct the model matrix manually.
library(dplyr)
Z %>%

transmute(
intercept = 1,
x1 = num,
x2 = numˆ2,
x3 = ifelse(cat=='B',1,0), x4=ifelse(cat=='C',1,0)

) %>%
as.matrix()

#> intercept x1 x2 x3 x4
#> [1,] 1 1 1 0 0
#> [2,] 1 2 4 0 0
#> [3,] 1 3 9 1 0
#> [4,] 1 4 16 1 0
#> [5,] 1 5 25 0 1
#> [6,] 1 6 36 0 1

Some functions (e.g., glmnet) do not take formulas so you will have to pass in the model matrix X directly.
Another word of caution, some functions (again like glmnet) add the intercept automatically so you should
not include a columns of ones.

The function lm.fit() fits a linear model from a model matrix:
X = model.matrix(formula(y~num+cat), data=Z)
Y = Z$y
lm.fit(x=X, y=Y)$coef
#> (Intercept) num catB catC
#> -1.385 1.230 -2.230 -6.370
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2.2 Comparison
It is always good to compare the approaches just to make sure there are no mistakes.
fmla = formula(y~num+cat + I(numˆ2) + sqrt(num))

#- lm()
beta.lm = lm(fmla, data=Z)$coef

#- lm.fit()
X = model.matrix(fmla, data=Z)
beta.lmfit = lm.fit(X, Z$y)$coef

#- direct matrix operations
beta.eq = solve(t(X) %*% X) %*% t(X) %*% Z$y
# solve(crossprod(X), crossprod(X, Z$y)) # Alternative

#- output
tibble(beta.lm, beta.lmfit, beta.eq)

beta.lm beta.lmfit beta.eq

-7.1207 -7.1207 -7.12069
-0.1081 -0.1081 -0.10808
-2.9996 -2.9996 -2.99963
-5.9840 -5.9840 -5.98403
-0.0904 -0.0904 -0.09037
6.6016 6.6016 6.60157

3 Appendix: tidymodels
Using the recipe package (part of tidymodels), we can create model matrices.
library(tidymodels) # load tidymodels (and recipe package)

#: create a `recipe`
rec = recipe(
y ~ cat + num, # the formula specifies the variables (outcome and predictor)
data = Z # the data object provides the variables types

) %>%
step_dummy(all_nominal_predictors())

Notes:

1. The formula specifies the variables (y is the outcome variable, cat and num are the predictor variables).

2. The data provides the variable types. The entire data isn’t necessary, I could have used head(Z) to
limit the amount of data passed around (this is only a concern for large data).

3. The step_XX() functions add transformations. In this case, we used step_dummy() to create
dummy variables for all nominal predictor variables.

The last step requires prep() and bake(). The prep() step determines the number and name of the new
dummy columns. The bake() function, which takes new_data will apply the transformations to the data.
While this seems a bit verbose for this simple setting, the benefits will be more apparent when we start more
complex modeling.
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rec %>% prep() %>% bake(Z)
#> # A tibble: 6 x 4
#> num y cat_B cat_C
#> <int> <dbl> <dbl> <dbl>
#> 1 1 -0.718 0 0
#> 2 2 1.64 0 0
#> 3 3 0.176 1 0
#> 4 4 1.20 1 0
#> 5 5 -1.14 0 1
#> 6 6 -0.836 0 1
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